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Leveraging AI Models for Strategic Advantage

Generative AI models such as LLMs, bidirectional transformers, and 
machine learning frameworks are reshaping advertising by enabling 
brands to analyze consumer data with unprecedented precision. To re-
main competitive, advertisers must understand the specific strengths of 
these models—whether generating content, classifying data, or deriving 
actionable insights—and integrate them into their strategies effectively.

Aligning AI Models with Advertising Goals

Different AI models excel in various applications: autoregressive mod-
els revolutionize creative development, bidirectional transformers en-
hance data contextualization, and machine learning predicts trends and 
behaviors. Advertisers should match the right model to their objectives, 
ensuring they harness the full potential of AI to meet targeted campaign 
goals and drive meaningful outcomes.

Transforming Content Creation Through Generative AI

Advertisers can leverage AI to dynamically create ad copy, visuals, and 
personalized messages tailored to specific audience segments and 
platforms. This ability to scale creative production while maintaining 
brand consistency not only accelerates workflows but also drives deep-
er audience engagement and higher ROI.

Optimizing Campaign Execution with AI Tools

Advanced tools such as dynamic creative optimization and predictive 
budget allocation allow advertisers to test, iterate, and refine cam-
paigns in real time. By leveraging AI to maximize resource efficiency, 
brands can ensure higher campaign success rates while reducing wast-
ed efforts and costs.

Enhancing Measurement and Analytics with AI

Generative AI redefines how advertisers measure success by automat-
ing incrementality testing, creating predictive models, and generating 
actionable insights. This data-driven approach allows brands to move 
beyond basic metrics, focusing on deeper understanding and refine-
ment of campaign effectiveness to drive sustainable growth.

Ensuring Ethical and Responsible AI Practices

As generative AI becomes integral to advertising, brands must prioritize 
transparency, data security, and ethical governance. By addressing bias-
es, ensuring compliance with regulatory standards, and aligning AI-gen-
erated outputs with brand values, advertisers can build trust while inno-
vating responsibly.

Executive Summary
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Generative AI is reshaping how advertisers approach creativity, strategy, 
and execution. By enabling machines to generate text, images, audio, 
and video based on learned patterns, this technology provides new op-
portunities to streamline workflows, personalize customer experiences, 
and optimize campaigns with precision.

For advertisers, the ability to generate engaging content dynamically 
opens up possibilities for delivering tailored messages to diverse audi-
ence segments, increasing relevance and impact. Beyond content cre-
ation, generative AI also offers tools for analyzing data and uncovering 
actionable insights, helping brands allocate resources more efficiently 
and enhancing return on ad spend (ROAS).

Incorporating generative AI into advertising strategies can lead to more 
effective testing, faster creative development cycles, and deeper audi-
ence engagement. This paper, created by the Interactive Advertising Bu-
reau (IAB), explores the practical applications of generative AI models 
in advertising, breaking down their features and real-world use cases. 
By focusing on tools and methodologies relevant to the advertising in-
dustry, this resource aims to equip brands, agencies, and technology 
providers with a clear understanding of how generative AI can be inte-
grated into their marketing efforts.

This paper focuses on use cases such as content creation, campaign 
optimization, and measurement - providing actionable insights for ad-
vertisers looking to maximize the potential of generative AI in their 
workflows.

Introduction
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Understanding AI Models

LARGE LANGUAGE MODELS (LLMS)

Large Language Models are a subset of artifi-
cial intelligence designed to understand and 
generate human language. They are trained on 
vast amounts of text data, enabling them to 
perform various language-related tasks accu-
rately. Key features include generating coher-
ent text, understanding context, and perform-
ing language translation, summarization, and 
more. LLMs can be tactically deployed based 
on model type to enhance content creation, 
personalize customer interactions, and opti-
mize advertising strategies through data-driv-
en insights. 

       Autoregressive 
       Transformer Models

Autoregressive transformer models define 
what most headline media references as AI 
models. They are generative and can com-
plete tasks such as completing a sentence 
or providing a contextually accurate answer 
based on a prompt in natural language.

1
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Key Features: 

• Excel at text generation based on prior responses and prompts.
• Quickly adapt to new tasks using fewer examples due to training on 

large-scale datasets.
• Can generate contextually relevant multimedia content.
• Operate in autoregressive (left-to-right) based outputs on prior con-

tent only.

Use Cases:

• Long-form copy creation, conversational AI (chatbots), creative ide-
ation, and generating A/B test options.

Commercially  Available Examples: 

• GPT-4: A state-of-the-art model developed by OpenAI, known for its 
advanced text generation capabilities and understanding of nuanced 
language.

• Claude: A generative AI chatbot and family of LLMs developed by An-
thropic that can generate long-form text, diagrams, animations, and 
program code.

• Gemini: Developed by Google, Gemini is similar to GPT-4 in that it 
strives to integrate advanced natural language processing and inte-
gration across Google’s services.

• Mistral: An alternative model to GPT-4 focusing on ability to scale 
and operational efficiency.

• Grok: Language and image generation model developed by social 
media network X and released in beta to developers in an API in No-
vember 2024.

       Bidirectional Transformer Model

Bidirectional transformer models prioritize understanding context over 
content creation. Using content before and after a word or set of data,  
these model types are suited to retrieve information, classify data, and 
answer questions from an existing source.

Key Features: 

• Uses Masked Language Modeling (MLM) to randomly mask words 
within a document to train on accurately predicting the masked con-
tent based on information before and after.

• Understands the nuance and context of text within strings.
• Accurately identifies names, dates, and locations within text through 

understanding roles and relationships.
• Able to be fine-tuned to return sentiment, recognition, and specific 

answers accurately.

Use Cases:

• Translation, summarization, precise answering, sentiment analysis, 
and classifying existing content.

Commercially Available Examples:

• BERT: Developed by Google, BERT (bidirectional encoder representa-
tions from transformers) excels in understanding the context of words 
in a sentence by looking at the words before and after the target word.

• RoBERTa: Based on Google’s BERT, RoBERTa (robustly optimized BERT 
pretraining approach) was developed by Facebook AI as an optimized 
version of BERT using more data and computational resources.

2
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       Sequence-to-Sequence Transformer Models

Developed specifically to transform a given input sequence into an out-
put sequence, sequence-to-sequence transformer models are a critical 
tool for Natural Language Processing (NLP). Based on an encoder-de-
coder architecture, the model will process inputs into a single, fixed-size 
element capturing its meaning (encode) and returning an output that 
ensures the original meaning is true (decode). 

Key Features:

• Ability to identify and weigh the importance of different elements 
within an input.

• Highly efficient through use of parallel processing, increasing train-
ing speed and output.

Use Cases:

• Translation, content summaries, and question-answer from source 
documentation.

Commercially Available Examples:

• T5: The text-to-text transfer transformer by Google, designed to con-
vert various NLP tasks into a text-to-text format, making it highly ver-
satile for different language processing tasks.

• mT5: An iteration of T5, also by Google, mT5 is designed to translate 
and generate text in 101 languages.

MACHINE LEARNING (ML) MODELS                                  

Machine learning (ML) is a foundational aspect of artificial intelligence 
that enables systems to learn from data and improve their performance 
over time without being explicitly programmed for specific tasks. ML 
models are categorized into three primary types based on the nature of 
their training data and objectives: supervised, unsupervised, and rein-
forcement learning. Each type offers distinct capabilities and applica-
tions that can be leveraged in advertising to enhance decision-making, 
targeting, and creative optimization.

3
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       Supervised learning involves training a model using labeled datasets, where input data is paired with known output labels. This approach 
is ideal for tasks such as classification and regression, where the goal is to predict outcomes based on historical data. For advertisers, supervised 
learning is commonly used for sales forecasting and audience targeting.

Use Case: Sales Forecasting

Sales forecasting plays a crucial role in strategic decision-making by using machine learning to analyze vast datasets and uncover patterns that 
traditional methods may miss. For instance:

• Time Series Models like ARIMA, Prophet, and LSTM excel at predicting sales trends by capturing seasonality and market dynamics.
• Ensemble Methods, including random forests and gradient boosting machines, enhance accuracy by combining predictions from multiple models.
• Generative AI tools like GANs and VAEs simulate scenarios with sparse historical data, creating synthetic datasets to improve forecasting accuracy.

Figure 1: Autoformer architecture. The encoder elimi-
nates the long-term trend-cyclical part by series decom-
position blocks (blue blocks) and focuses on seasonal 
patterns modeling. The decoder accumulates the trend 
part extracted from hidden variables progressively. The 
past seasonal information from encoder is utilized by the 
encoder-decoder Auto-Correlation (center green block in 
decoder). Image source: https://huggingface.co/blog/
autoformer

1
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     Unsupervised learning, on the other hand, is applied to data-
sets without predefined labels. Instead, the model identifies patterns, 
structures, or groupings in the data. This type of learning is particularly 
useful for audience segmentation and clustering, allowing advertisers 
to discover new consumer groups and uncover hidden insights.

For example, audience segmentation allows brands to target specific 
consumer groups with customized messages, enhancing campaign 
effectiveness. Unsupervised machine learning algorithms can identi-
fy patterns and groupings in large datasets without predefined labels, 
uncovering new and meaningful customer segments. Clustering algo-
rithms like k-means, hierarchical clustering, and density-based spatial 
clustering of applications with noise (DBSCAN) are effective for audi-
ence segmentation. Generative AI enhances traditional unsupervised 
learning by creating synthetic features from existing customer data, 
potentially revealing hidden customer segments.

For brands, traditional segmentation methods have typically identified 
broad customer segments based on basic demographic data. Howev-
er, with the advancement of generative AI, it is now possible to create 
synthetic features that represent more subtle behavioral patterns like 
purchase intent or brand affinity. By integrating these new features into 
the dataset, a more refined segmentation process can be achieved. This 
deeper understanding of the audience enables advertisers to target 
more specific groups with personalized content, ultimately leading to 
higher engagement and better campaign performance.

     Reinforcement learning takes a unique approach by teaching 
models to make decisions step-by-step, guided by a reward system. 
Think of it like trial and error—models learn by trying different actions, 
adjusting based on what works best to achieve their goals. In adver-
tising, this makes reinforcement learning a game-changer for dynamic 

creative optimization and adaptive campaign strategies, where quick 
adjustments can significantly boost engagement and conversions.

Creative optimization is all about refining ad content to perform better. 
Reinforcement learning (RL) algorithms shine here by using real-time 
feedback to optimize creative elements dynamically. Unlike traditional 
A/B testing, which only compares a few options, RL explores a much 
wider range of possibilities, learning and evolving to find the most effec-
tive combinations over time.

A standout RL approach is the Multi-Armed Bandit algorithm, especially 
its advanced versions like Thompson Sampling and Upper Confidence 
Bound (UCB). These methods strike a balance between testing new cre-
ative ideas (“exploration”) and doubling down on what’s already working 
(“exploitation”). This is particularly valuable in digital advertising, where 
consumer preferences shift quickly, and strategies need to keep up.

Generative AI takes this a step further by automating the creation of ad vari-
ations—think headlines, images, or call-to-action buttons. Models like Gen-
erative Adversarial Networks (GANs) or transformer-based architectures 
can churn out a wide range of creative options, each tailored to specific 
audiences or campaign goals. These variations are then plugged into an RL 
framework, where their performance is constantly monitored and fine-tuned.

For example, imagine a digital ad campaign where generative AI pro-
duces multiple headline variations, each highlighting a different value 
or emotional angle. An RL algorithm tests these variations across var-
ious audience segments, adjusting ad delivery in real-time to prioritize 
the ones that drive the most engagement. This powerful combination 
of generative AI and reinforcement learning enables advertisers to ex-
periment and optimize at a scale that would be impossible manually, 
resulting in more effective and personalized campaigns.

2
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NATURAL LANGUAGE PROCESSING (NLP) MODELS                                        

Natural Language Processing (NLP), an AI branch combining linguistics and data science, en-
ables meaningful human-computer interactions. Evolving from rule-based methods to deep learn-
ing, NLP captures semantic nuances across languages. At its core, NLP converts unstructured 
language data into structured formats for machine processing and action. NLP models focus on 
the interaction between computers and humans through natural language. They enable machines 
to read, underNLPstand, and generate human language in a valuable way.

NLP techniques fall into three major categories: 

       Traditional Linguistic Methods

Traditional methods rely on rule-based sys-
tems and symbolic language representations, 
using heuristic rules and grammatical struc-
tures. While these methods can provide high 
precision in controlled settings, they often 
lack the scalability and robustness required 
for real-world applications.

• Grammar Checkers: Early rule-based mod-
els are effective in identifying grammatical 
errors and providing corrections, such as 
in content review stages for ad campaigns 
where grammatical consistency is crucial 
for brand reputation.

• Named Entity Recognition (NER): NER can 
help extract structured information like 
product names, competitors, and locations 
from campaign briefs, enhancing competi-
tive analysis. For example, Nike uses NER 
to track and analyze social media mentions 
of their products and competitors. This al-
lows them to monitor shifts in consumer 
preferences and respond quickly to reputa-
tion changes and regularly ine-tune tactics.

1
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       Statistical and Machine Learning Models

Statistical models use probabilistic methods to estimate language pat-
terns and relationships. These range from n-gram models (predicts the 
probability of a word based on the previous words in a sequence) to 
hidden Markov models (HMMs) to algorithms like naive Bayes and sup-
port vector machines (SVMs). With the rise of machine learning, text 
classification, clustering, and sentiment analysis became prominent 
applications.

• Sentiment Analysis: As the name suggests, sentiment analysis draws 
overall sentiment using a corpus of text, such as positive, negative, 
or neutral, using algorithms like naive Bayes or SVM. Amazon uses 
it to identify product issues, optimize listings, and guide improve-
ments. Businesses leverage sentiment analysis across industries, 
from ecommerce to hospitality to gain insights, enhance offerings, 
and maintain brand reputation.

• Document Classification: Document classification, using supervised 
machine learning, categorizes news, spam, or legal texts. Facebook 
applies it to detect and remove hate speech, leveraging AI to under-
stand language context and nuances. The model reviews millions of 
flagged posts, continuously improving its accuracy.

• Topic Modeling: Latent Dirichlet allocation (LDA) uncovers hidden 
topics in large text datasets. Brands leverage LDA to analyze social 
media discussions and detect trending themes. For instance, using 
LDA on  X/Twitter data helps identify which topics, like “new gear” 
or “training tips,” are gaining traction, enabling sports brands to fine-
tune their campaigns based on the latest trends. 

       Deep Learning and Transformer-Based Approaches

Deep learning models like recurrent neural networks (RNNs) and long 
short-term memory (LSTM) networks are used to identify patterns in 
text and large datasets for tasks like sequence modeling, sentiment 
analysis, and text generation. Transformers have since revolutionized 
the field, powering advanced language models like BERT, GPT, and T5 
that can understand and produce human-like text.

• Text Summarization: LSTMs and sequence-to-sequence models gen-
erate concise summaries for news aggregation and legal document 
synthesis. Platforms like Google News and Inshorts use extractive 
and abstractive methods to condense articles, allowing users to 
grasp key points quickly. 

• Text Classification: Convolutional neural networks (CNNs) are used 
for classifying complex text data, like support tickets and research 
articles, by capturing spatial hierarchies in text. Websites leverage 
text classification to create topic clusters using convolutional layers 
that detect key phrases and themes. Automated classification tools, 
often employing pretrained models like BERT or Word2Vec (a group 
of related models used to produce word embeddings), help content 
marketers identify subtopics and target keywords, optimizing con-
tent for better visibility and engagement.

1 2
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TRANSFORMERS AND LARGE LANGUAGE MODELS (LLMS)

Revolutionizing AI Applications

Transformers and Large Language Models (LLMs) enable advanced 
natural language processing (NLP) and multimodal understanding. 
With their ability to handle vast amounts of contextual data and perform 
complex tasks, these models power applications ranging from machine 
translation to virtual assistants, making them indispensable in fields 
like advertising, e-commerce, and customer support.

Transformers like BERT and T5 have set new benchmarks for high-con-
textual accuracy in translations. Unlike earlier methods such as re-
current neural networks (RNNs) or phrase-based approaches, trans-
former-based neural machine translation (NMT) captures long-range 
dependencies, ensuring fluid and precise translations even for complex 
languages like Chinese and Arabic.

For example, Google’s NMT leverages transformer architectures to de-
liver seamless translations, enabling advertisers to communicate effec-
tively with global audiences, bridging language barriers in campaigns.

Chatbots and Virtual Assistants

Pretrained transformer models, such as GPT, power chatbots and virtual 
assistants, creating human-like interactions that help consumers discover 
and explore personalized products. These applications improve engage-
ment by delivering tailored recommendations and real-time assistance.

For example, Sephora’s chatbot uses GPT-like models to recommend 
beauty products, provide makeup tutorials, and enable virtual try-ons, 
enhancing the shopping experience and driving conversions.

Question-Answering Systems

Advanced transformer models are at the core of intelligent question-an-
swering systems, enabling precise responses to text and image-based 
queries.

Models like ALBEF (Align Before Fusing) combine image-text data, en-
abling them to answer questions such as, “Which products are featured 
in this ad?” or “What brand logo is shown?” These capabilities enhance 
visual content analysis, providing actionable insights for advertisers.

https://www.iab.com/
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Generative AI Use Cases

CONTENT CREATION                           

       Dynamic Ad Copy and Headlines

Generate AI-powered, tailored ad copy and 
headlines to save time, enable rapid iteration, 
and improve audience engagement. These 
ads are customized for specific audiences, 
platforms, and campaign goals, helping mar-
keters test multiple messaging variations and 
optimize campaigns more effectively. For ex-
ample, AI can create multiple headline varia-
tions for A/B testing on social media, email 
subject lines, and landing pages.

These systems process input data, such as 
audience preferences, campaign objectives, 
and past performance, to suggest tailored 
messaging. They adjust tone, length, and style 
to fit specific platforms, saving hours of man-
ual effort.  

Key Considerations:

• Ensure flexibility and resizing for various 
formats.

• Implement compliance rules for regulated 
industries (e.g., pharma, finance).

1
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• Ensure brand voice and tone are clearly defined to maintain consis-
tency across outputs.  

       Visual Asset Creation

Create custom images, graphics, and videos using AI tools like DALL-E 
or Runway, reducing production costs while scaling visual content for 
multi-channel campaigns. These assets are on-brand and adaptable for 
specific platforms or audience preferences, enabling brands to enhance 
asset variety and efficiency.

These tools use input like brand guidelines, color schemes, and prod-
uct images to generate visuals that align with the campaign’s goals. 
They can produce multiple variations, such as different product angles 
or backgrounds, tailored to various formats like Instagram Stories or 
display ads.  

Key Considerations:

• Generated visuals may still require manual refinement for high-stakes 
campaigns.

• Standardize watermarks or identification for AI-generated content.
• Address IP concerns and ensure ethical usage.

       Personalized Messaging at Scale

Use generative AI to craft highly individualized messages for email, 
SMS, in-app notifications, etc, boosting engagement and conversions 
through hyper-relevant communication. By tailoring messages based on 
user behavior, preferences, and demographics, brands can foster stron-
ger connections with their audiences. For example, advertisers lever-
aging dynamic campaigns like Performance Max deliver personalized 

messages that increase click-through rates.

These tools analyze customer behavior, such as browsing history, past 
purchases, and engagement patterns, to create messages that align 
with individual preferences. They dynamically adjust content based on 
customer data, such as preferred product categories or geographic lo-
cation.  

       Product Descriptions for E-commerce

Automate the generation of SEO-optimized product descriptions to save 
time for content teams while maintaining consistency across large cat-
alogs. These descriptions are crafted to be engaging and informative, 
helping brands enhance customer experience and search visibility.

Key Considerations:

• Test variations of messaging against KPIs.
• Optimize content length for different platforms (mobile, desktop, in-

app).

       Conversational AI and Chatbots

Deploy AI-powered chatbots for real-time customer engagement, en-
hancing the user experience while driving sales without requiring con-
stant human oversight. These systems generate natural, context-aware 
responses that build trust and efficiency in customer interactions.

How It Works:

• Input: Customer queries or triggers (e.g., browsing behavior).
• Output: AI-generated, context-specific responses.

2
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Key Considerations:

• Address latency in data and interactions.
• Ensure transparency about AI-driven inter-

actions.
• Protect privacy and differentiate between 

sponsored and organic responses.

       Accessibility

Ensure inclusivity by creating accessible con-
tent for diverse audiences, addressing stan-
dards for usability across different platforms. 
Features such as adaptive designs, multi-lan-
guage support, and AI-driven personalization 
make content more engaging and widely ac-
cessible.This approach broadens audience 
reach while improving the user experience for 
individuals with varying needs.

Key Considerations:

• Maintain accessibility compliance for all 
content types.

• Regularly test and update content to meet 
evolving standards.

CAMPAIGN OPTIMIZATION                                                                                     

       Dynamic Creative Optimization

Use AI to dynamically generate and test ad creatives in real time, speeding up testing processes 
and ensuring the most effective creative is shown to users. This approach optimizes campaign 
performance by aligning creative variations with audience preferences.

The tools launch multiple ad variations simultaneously and collect performance data, such as 
click-through rates or conversions. This feedback determines which versions resonate most with 
audiences. 

6
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Key Considerations:

• Establish clear success metrics to guide optimization efforts.
• Rotate winning variations periodically to avoid creative fatigue. 
• Ensure compliance with regulatory messaging standards.

       Budget Forecasting and Optimization

AI-driven insights allow for predictive budget allocation, maximizing ROI 
and minimizing waste. By analyzing historical performance data and 
campaign objectives, AI provides actionable recommendations for ef-
ficient resource distribution across channels. This automation reduces 
manual effort, streamlines workflows, and ensures that budgets are al-
located to high-performing areas.

These tools evaluate data like cost-per-click, engagement rates, and 
conversion metrics to determine where spending will have the most im-
pact. Adjustments are made dynamically throughout the campaign.

Key Considerations:

• Regularly review automated adjustments to ensure they align with 
strategic goals.

• Transparency in decision-making helps build trust in the system’s 
recommendations.  

• Proactively troubleshoot campaigns for better outcomes.

       Audience Segmentation and Targeting

Identify nuanced audience segments and tailors campaigns to their 
preferences, leveraging data analysis to create detailed personas. By 
analyzing consumer behavior, purchase history, and demographic data, 
AI generates insights that enable real-time personalization and im-
proved campaign effectiveness. This approach drives higher engage-
ment and conversions while ensuring fair, unbiased targeting through 
diverse data sources and robust validation processes.

Key Considerations:

• Over-segmentation can dilute resources and confuse messaging.
• Consistently revisit segmentation strategies to ensure they stay rele-

vant and effective.  
• Verify data accuracy and ethical usage.

MEASUREMENT & ANALYTICS                                                 

       Incrementality Testing with AI

Incrementality testing determines whether your ads are driving new 
business or if the results would have occurred without the campaign. 
AI-powered frameworks, such as Deep Learning for Causal Inference or 
Bayesian Neural Networks, automate control group creation and ana-
lyze incremental effects with precision.

2
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How it works:

AI models use deep learning and causal inference algorithms to sim-
ulate control groups and predict outcomes. For example, an AI frame-
work might analyze millions of data points—like user demographics, ad 
exposure, and purchase history—to identify which users would have pur-
chased even without seeing your ads. These insights help measure the 
true impact of your campaign.

Key considerations:

• Ensure high-quality, diverse data for model training to minimize bias.
• Continuously update the model to account for changes in consumer 

behavior and market trends.

       Automated Reporting

Manual reporting can be tedious and time-consuming. Automated sys-
tems compile performance metrics into clean, easy-to-read dashboards, 
allowing teams to focus on strategy rather than data aggregation. For 
example, dashboards can track click-through rates, conversions, and 
ROI, with explanations that highlight key takeaways.  

The tools pull data from integrated platforms, generate visual summa-
ries, and provide insights using natural language explanations. Dash-
boards update automatically to reflect the latest campaign performance.  

Key considerations:

• Customizable dashboards ensure that stakeholders see the metrics 
that matter most to them.  

• Keep reports focused and avoid overwhelming viewers with too much 
data.  

PREDICTIVE CAMPAIGN PERFORMANCE                              

Forecasting campaign success helps teams plan better and allocate re-
sources more effectively. Predictive models analyze historical trends to 
estimate how well a campaign is likely to perform under various scenar-
ios. For instance, before launching a seasonal campaign, you can pre-
dict how different budget allocations or creative strategies will impact 
performance.  

Models use historical data and current market conditions to simulate 
potential outcomes, helping teams identify strategies with the highest 
probability of success.  

Key considerations:

• Predictions are not guarantees and should guide, not dictate, decisions.  
• Update models regularly to reflect changing consumer behavior or 

market conditions.  

2
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Frameworks and Checklists

EVALUATING GENERATIVE AI TOOLS                                   

    Objective:

 □ Define your use cases and acceptable error margins.
 □ Identify the end users: internal teams, brand agencies, or consum-
ers.

    Capabilities:

 □ Ensure the tool supports specific needs (e.g., video creation, pre-
dictive analytics).

    Ease of Integration:

 □ Check compatibility with existing tools like DSPs, CRMs, or CMS 
platforms.

 □ Assess interoperability or composability for seamless integration.

    Performance:

 □ Validate effectiveness through benchmarks or metrics.

    Data:

 □ Review the type of data processed (e.g., copyrighted, PII/PHI) and 
compliance with protections.

 □ Assess transparency and disclosure levels.

    Viability:

 □ Ensure the use case aligns with the target audience’s needs and 
is realistic.

    Cost and Scalability:

 □ Analyze switching and resourcing costs, including technology and 
talent investments.

https://www.iab.com/
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ROADMAP FOR AI IMPLEMENTATION                                 

    Phase 1: Discovery

 □ Audit Needs: Identify pain points in current workflows; consider 
non-AI solutions where appropriate.

 □ Research: Evaluate generative AI tools that meet your needs and 
governance standards.

 □ Impact: Assess the broader implications of scaling AI, including 
interdepartmental effects.

 □ Build or Buy: Balance customization needs with cost considerations.
 □ Collaboration: Empower stakeholders for faster decision-making 
while ensuring compliance.

    Phase 2: Pilot

 □ Small-Scale Testing: Apply AI to one use case (e.g., dynamic ad 
copy) in a controlled campaign.

 □ Metrics: Track KPIs like click-through rates, conversions, and en-
gagement.

 □ Efficiency: Focus on internal collaboration and responsible scal-
ing to save time.

    Phase 3: Scaling

 □ Expand Use Cases: Roll out AI to broader campaigns and functions.
 □ Team Training: Equip teams to leverage AI effectively.
 □ Feedback Loop: Establish and maintain a consistent, updated 
source of truth.

    Phase 4: Optimization

 □ Refine Processes: Use performance insights to adjust workflows 
and objectives.

 □ Feedback Loops: Shorten cycles with smaller objectives for quick-
er adjustments.

 □ Integration: Map AI tools into organizational workflows to ensure 
adoption.

 □ Stay Updated: Regularly monitor advancements in generative AI 
technology.

RESPONSIBLE GENERATIVE AI CHECKLIST                           

    Ethical Use and Fairness

 □ Compliance: Adhere to data protection laws (e.g., GDPR, CCPA).
 □ Avoid Harm: Prevent discriminatory, harmful, or biased content in 
AI outputs.

 □ Bias Testing: Test outputs for unintended biases and ensure cul-
tural sensitivity.

 □ Fairness Standards: Use diverse datasets and assess fairness in 
personalization.

 □ Internal Guidelines: Establish and follow internal AI ethics policies.
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    Transparency and Accountability

 □ AI Disclosure: Clearly disclose AI-generated content to consum-
ers and stakeholders.

 □ Stakeholder Education: Educate teams on AI systems, limitations, 
and best practices.

 □ Client Transparency: Share AI’s role in processes with clients and 
partners.

 □ Documentation: Maintain detailed records of decision-making 
and outputs for accountability.

 □ Consumer Interactions: Notify consumers when interacting with 
AI-driven content.

    Data Privacy and Security

 □ Data Protection: Secure data to prevent breaches and unautho-
rized access.

 □ PII Exclusion: Avoid using sensitive personal information in train-
ing datasets.

 □ Risk Areas: Be cautious with data like ethnicity, religion, or minors 
in profiling.

 □ Data Collaboration: Use clean rooms or secure environments for 
shared analysis.

 □ Ownership Clarity: Define ownership and retention policies for 
data and AI models.

 □ Deletion Requests: Establish clear processes for handling con-
sumer data deletions.

    Content Quality and Brand Alignment

 □ Accuracy: Validate factual claims and ensure quality in AI-gener-
ated content.

 □ Brand Compliance: Align AI outputs with brand guidelines and 
messaging.

 □ Review Processes: Implement human oversight and rigorous re-
view protocols.

 □ Authenticity: Balance AI use with human creativity to maintain 
brand authenticity.

    Governance and Sustainability

 □ AI Monitoring: Regularly audit AI systems for performance and 
ethical compliance.

 □ Governance Framework: Assign a cross-functional team to over-
see AI practices.

 □ Adaptability: Continuously update practices based on new regula-
tions and technologies.

 □ Eco-Friendly Practices: Minimize the environmental impact of AI 
through efficient workflows and sustainable platforms.
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ABOUT IAB

 The Interactive Advertising Bureau empowers the media and marketing industries to thrive 
in the digital economy. Its membership comprises more than 700 leading media companies, 
brands, agencies, and the technology firms responsible for selling, delivering, and optimizing 

digital ad marketing campaigns. The trade group fields critical research on interactive ad-
vertising, while also educating brands, agencies, and the wider business community on the 
importance of digital marketing. In affiliation with the IAB Tech Lab, IAB develops technical 
standards and solutions. IAB is committed to professional development and elevating the 

knowledge, skills, expertise, and diversity of the workforce across the industry. Through the 
work of its public policy office in Washington, D.C., the trade association advocates for its 
members and promotes the value of the interactive advertising industry to legislators and 

policymakers. Founded in 1996, IAB is headquartered in New York City.
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